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WHOA. YOU'RE ONLY | EXPERIMENTED A LOT IN
30. GOT TO SAY YOU COLLEGE.

LOOK A LOT OLDER.

GOD DAMN YOU, WH
WON'T YOU WORK.

LETS JUST SAY IT TOOK ITS TOLL.
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Introduction

Overview

1. What is a survey experiment? Why conduct one?
a. Internal, external, and construct validity; sampling

2. The power of random assignment for testing causality
a. Comparingthe logic of correlational survey and experimental inference

3. Examples of-and best practices for—survey experiments
a. Key concepts in experimental design
b. Best practices for experimental design

4. Data sources
5. Analyzing survey experimental data
a. Not the same as analyzing a lab expment; not the same as analyzing a

correlational survey

6. Implementing your study using Qualtrics, mTurk, and Prolific Academic
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What Is a survey experiment?

1. An experiment embedded within a survey
a. Can beadministered via paper, telephone, online, etc.

2. Designing an effective survey experiment requires designing an effective
experiment and an effective survey
a. Experimental design
b. Survey/questionnaire design
c. Sampling

3. Population-based survey experiments rely on random sampling to select
participants who are representative of a population of interest
a. Most survey experiments do not use random sampling methods (i.e. they are
not population-based survey eperiments)

4. The motivation to conduct a survey experiments more often* about the
experiment aspect than thesurvey aspect
a. Experiments excel as confirmatory causal test of theory
b.*But not always; measurement experiments in particular challenge this
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What Is an experiment?

1.“ .studies 1 n which t haedomassgamentofher co
participants to variations of the independent variable in order to observe
their effects on a dependent vari abl

a. Independent Variable(l1V): Able to be manipulated and causes the
subsequent change in the dependent variable

b. Dependent Variable (DV) The outcome that is measured

I. NOTE: In observational (survey) research the IV is often called an
“explanatory” variabl eedntdhehéobD
In experimental studies random assignment can make the IV truly
“1 ndepende n trfactog tienca theytermirtology
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Independent and dependent variables

1. Example research question: does educational attainment influencegpceptions of
a person’s competence and capability
2. In this example, educational level is the IV. This could be manipulated, e.g., by

having half of your participants (Ps) evaluate a resume with a college degree
listed, half a resume with only a high schal degree listed
‘| e v e experimeatél conditien | V a

di fferent

a.The
b. Perceived competence is the DV
Characteristics of job applicantlV) DV/Outcome
4 )
Col | e
Degr e Per cei
g
> 4 Compet
Hi gh £
Degr e
g J

Pagell
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Experimental C onditions

1. For something to be an experiment, the IV must be able to be manipulated X
aO0.1 AAOOAOEI T xE @d&dndd®eribid) EDOI AOET |
I. Can something like gender or race be manipulated?

2. Note that your conditions should be as similar as possible (identical, if possible)
on all aspects except for your independdrvariable of interest

3. The independent variable is often referred to (especially in medical studies) as

the treatment
a. The effect that the independent variable has on the dependent variable is

often called thetreatment effect
. Thi s ter mi no bpulgryn sacislogy ar psyctobdy, bpt more
SO in statistics and health sciences
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Why Conduct a Survey Experiment?

Internal, external, and construct validity

1. Traditionally, experiments are billed as excellent fornternal validity
a. How certain you can bdhat a study tests the relationships it aims to test
b. Causality is fundamental; does the independent variable cause the observed
change in the dependent variable

2. Traditionally, experiments are billed as havindow external validity
a. How certain you can bedhat the relationships you observe in a given sample
would be the same if you couleéxaminethe entire population
I. But consider whether we should strive to generalize to a population or
to a theory
1. Lucas (2003)STis a wonderful article addressing the importance
of theory testing for external validity

3. Traditionally, experiments are often seen as worth the tradeoff of questionable

external validity for the unrivaled gains in internal validity
a. urvey experiments and audit studies challenge this conventional wisdom
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Construct validity

1. Construct validity is how well a given set of measures represent the underlying
concepts they are meant to quantify
a.E. g. Does your ”“acmpal éycemesacale c
instead measure intelligence? Are these different?

2. Ever been frustrated by the measures available in secondary data?

a. E.g. Does the General Social Survey (GSS) ask guestions exactly how you
would want them to?

3.In anexperiment you create the independent variable and manipulate it . You
alsodesign the dependent measures
a. Therefore, you are able to determine how well your IV and DV represent
your concepts of interest; you are
decided to collect
b. This is a huge plus for experiments, but also makes your job hard
I. An underappreciated aspect of being a good experimentalist is being a
good survey methodologist
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External validity

1. Why not just sample undergraduates?
aO#1T 11 ACA OABET T © O&ABmabRolingdHovAnd 1959
b. U.S. undergraduates arg@VEIRD (Western, Educated, Industrialized, Rich,
Democratic) Henrich et al. 2010

2. Some research questions can probably be answered with a study on any sample
(e.g. a convenience sample)
a. Many research guestions requiranore diverse/specific samples

.“_;., & - -y -
- oS,
ARY P
i . B
" ) é o
- -~ e ' e 3
: X 2 3
‘-. Py / 5 S
Wl o ) | \,
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Sampling

1.1t is an easy—but often suboptimal—heuristic to think that your population of
| nt er e st -instwiondlized USrneosni dent s aged 18 or
a. Many (most?) social science research questions can be better answered with
more targeted samples

2. Consider the following research questions. Do you think @ationally
representative sample of the US is the best sample to answer the question?
political message?

Do LGB individualamake differentmoral assessments of amhigus situationghan
heterosexual individual®

How does theeducational attainment of a job applicaninfluencehiring decision®

Domedical doctors (MDsdliffer in their AOAT OAOET 1 O | £&2 Al AAE /
symptoms?

Doolder and younger individualfold differing stereotypes about religious groufs
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Sampling for expertise

1. Survey experiments demand a critical evaluation of sampling
a. The sample you chose is a vital step in designing an effective survey
experiment

2.Consier t he r es e doncelicalgdocers (MDsgliffer in their
AOAT OAOET T O | £ Al smpioms?] A xEEOA DAOEA
a. In a general population survey N =1,000) we would expectabout 4 MDs to
be in the sample
b. To answer this question, you need to samplelDs
I. We should reasonably expect that MBswho have lots of specialized

training and unique experiences—will make different decisions than
someone without an MD

3. With the rise of online panels, accessing specialized populations with expertise in

a certaintopic has become dramatically more coseéffective (but still expensive—
more i n the “Data Sources” section o
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Sampling for range

1.1 borrow the term “sampling &achr rang
a. The key idea is that your sample shodlbe intentionally diverse in terms of
theoretically important variables
I. SeeSmall 2009 Weiss 1994for useful discussions of the idea in the
context of sampling for qualitative research

2. Consider the research questionoolder and younger individualfold differing
stereotypes about religious grougso
a. A sample of undergraduates will not adequately address thisugstion!
b. If you know—based on past work and theory—that a certain variable (e.g.
age) is important for your research questions, you should ensure you have
adequate variation on these characteristics in your sample

Survey Experiments Pagel8
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Sampling for representation

1. Similar to the problem of sampling for expertise, some research questions
require over-sampling certain individuals
2.Consider the r ®csceDAOWER&E O AT iO6moderdfeA A 7
their evaluations ofdifferentially framed political message®
a.In ageneral population sample N = 1,000) we would expect:
640 white Ps
120 black Ps
160 Latinx Ps
60 Asian Ps
20 other race/ethnicity Ps

3. Further, consider that your survey experiment has four betweessubjects
conditions. In each condition you can expect:
160 white Ps
30 black Ps
40 Latinx Ps
15 Asian Ps
5 other race/ethnicity Ps
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Sampling for representation

4. This example brings to light the importance of related issues of statistical power

and of representation
a. If you find no effect of your experimental manipilation for Asian Ps is this

because there is really no effect or because= 15 per condition for this

group?
5/l n addition, 1Is “Asian” a useful ~cat
information before sampling?
a. How will you handle analyzinghose i n the “other” ¢

6. The rise of online panels / workplaces make sampling for representation easy
andcostef fecti ve (more on this in the *
a. E.g. You can equally sample different racial groups (erg= 250 for each
racial group of interest)
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Exploratory vs c onfirmatory approach

1. Exploratory approach: proceed with a study without a clear hypothesis and
explore interesting / important patterns and relationships you observe (i.e.
inductive)

a. E.g. Some gglitative studies
bSome survey based analyses (even t

2. Confirmatory approach: design a study to test a specific hypothesis about a
relationship between an independent and a dependent variable (i.e. deductive)
a. Experimentsare pretty much exclusively confirmatory in nature
b. Should have specific, testable hypothesd®forestarting to design an
experiment
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Why conduct a survey experiment?

1. So what is the answer to the question posed in this section: why conduct a survey
expenment?
a. Internal validity
I. Ability to test causality (discussedmore formally in the next section)
b. Construct validity
I. Researcher creates study design, measures, questionnaire, etc.
c. External validity
I. Ability to obtain samples that best answer the researchjuestion
1. Sampling for expertise
2. Sampling for range
3. Sampling for representation
d. Confirmatory test
I. Test theoretical model/hypotheses
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Causality

Requirements for Causality

1. Three key requirements:

(1) Two constructs must be related (i.e. cevary)

(2) The relationship between the two concepts must be independent of other
spurious causes (e.g. relationship not explained away by a control
variable)

(3) The cause must precede the effect in time (temporality)

2. The fundamental statistical methods you learn in any graduateethods class
(e.g. regression or ANOVA) are designed to test for #1

3. Satisfying requirements #2 and #3 is much harder than it may initially seem

Boll en 1987; Mut z 2011; Th
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Causal inference in o bservational studies

1.Whata bou't newer met hods of “caus al | nf

2. Longitudinal (panel) models
a. Interview participants repeatedly over time
b. Fixed effects models are ideal for requirements (#1) and (#2) for
establishing causality(seeAllison 2009)
I. By themselves, fixed effects models cannot determine temporality (#3)
li. Lagged variable models (e.g. predictinghe DV at Time 2 with the IV at
Time 1) have promise, but are oly appropriate if the causal effect is

lagged the same amount as the gap between survey wayss:Vaisey and
Miles 2014)

1. In practice, this is very rarely the case
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What observational studies can (and cannot) do

1.Some“ca u s a l I nf er e n ceatimenmefbedis AK&AMafching methiods)
a. Try to recreate an experimental study within an observational survey

2. 0ne method matches respondents who arassimilar as possible on observed

characteristicsexcept for the independent variable of interest  (seeRosenbaum
2002; Morgan and Winship 2015

a. This eliminates spuriousness (#2) to the degree that the variables in your
model are the important ones to match individuals on (and to the degree
that your model is correctly specifiel)
I. But did you measure the right variables? Did you include them in your
model? Is everything that could be important able to be measured at all?
ii. These models do nothing to determine temporality (#3)
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What experiments can do

1. Establish the relationship béween an independent and dependent variable (i.e. a
statistically significant relationship between the two)

2. Isolate the effect of the independent variable from all other possible confounding
variables (i.e. random assignment ensures thamly the manipula ted
independent variable varies across the experimental conditions)

a. Controls for any measurableor unmeasurable difference
I. Let this sink in! Experiments control for the genome of your
participants...

3. Establish temporality. The researcher manipulates the independent variable
before measuring the dependentvariable

4. How does random assignment accomplish this magic?
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Isolating the effects of an independent variable

1. Consider the logic of control variabls in multiple regression

2. The correlation matrix below shows the unconditional relationships between a
dependent variable (DV), a focal independent variable (IV), and some control

variables

3. Consider a regression model to isolate the effect of gend@¥) on wages(DV).
What control variables would you include in the model? Why would you include

them?
1 2 3 4
DV IV control s control 4
DV p
\Y g p
control " h "R o)
control, " h " "R P

Survey Experiments
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Example: control variables for modeling the gender wage gap

1. Below, | show the correlations between wages (DV), gender (IV; woman=1), and
parental status andmanagerial occupation(controls)

DV=wages [V=woman parent manager
DV=wages 1.000
IV=woman -0.101* 1.000
parent -0.101* 0.226* 1.000
manager 0.087* -0.092* -0.029 1.000

NOTEs:Data is from Add Health Wave IV.[5< 0.05

2. We cannot isolate the effect of gender on wages without accounting for parental
status and hours worked
a. Gender is correlated with both parental status andhours worked
b. Both parental status and managerial occupation areorrelated with wages

3. What would we want the correlation matrix above to look likein order to isolate
the independent effect of gender on wages?
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Control variables in models of observationa | data

1.Recal | back to requi r elheaealationshi@ between theh o
two concepts must be independent of other spurious causés
a. What random assignment accomplishes:

1 2 3 4
DV IV controls controla
DV p
AV "R
controls -~ P
control, "R "R P

2. To assess causality, we need to isolate the independent variable from other
possible causes of the dependent variable
a. We want the correlation between the IV and other variables to be zero
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Random assignment

1. Random assignment to condition
a. Avoids seltselection bias
I. Acertain type of participant (P) might prefer to be in one condition over
another
li. With random assignment, Ps do not chase (or know) which
experimental condition they are assigned to
b. Ensures participantsin each conditionhave equivalent distributions of
characteristics; eliminates confounding variables

.LEf fectively “controls” for al/l a
leaving the manipulated IV as the only difference between experimental
conditions

2. Formally, random assignment means that the probability of being assigned to any
given experimental condition is equal
a. With two conditions (e.g. treatment and control) each participant has a 0.50
probability of being assigned to each experimental condition

Survey Experiments Page30



(;pl‘_ors SYI
Before R ' ' ' ‘ Q'I[(Ejlreﬁ fta?n:toenr
Assiagnm 9 ® " individual

‘ ed u c a tpo loint,
' vi evest rave

Randomly

N
AAfstsei rg nRrri ‘ ‘ “‘

Contr c Treat m
Condi t Condi t

Survey Experiments Page31



Distribution of Religious Affiliation by College Degree
N = 8,823 Nno college = 6223 Neollege = 2600

2,000
1,750
1,500
1,250

1,000

Frequency

750

500

250

.

Evangelical Black Protestant Jewish Nonaffiliated
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*Imbalance due to (a) different size groups and (b) differenPr(relig affil | college
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Balance for Religious Affiliation by College Degree (N = 8,823)

Conditional Proportion in Each Category, by Degree Attainment
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Balance for Religious Affiliation by College Degree
N = 41000 Nno college = 2;000 ncollege - 2;000
030 o
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*Even with equal size groupsgollegeis not independent ofrelig affil
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Random Assignment via GIFs!

3. Random assignment to conditiorallows us to break the link between our focal IV
and other variables(i.e. make the IV uncorrelated with other variables)

Link to RandomAssignment via GIFs!
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Balance for Religious Affiliation after Random Assignment
N=4000 nepnra= 2014 Neeamen: = 1966
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Distribution of Income Across College Degree Status (N = 2000)
0.030 :
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Distribution of Income Across Experimental Groups
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Random assignment to condition

1. For this example, | randomly assigned 4,000 respondents in Add Health Wave IV
to one of two conditions (treatment = 0, 1)

pwcorr treat woman parrole supervis edyrs, star(0.05)
| treat woman parrole supervis edyrs

treat| 1.0000

woman | 0.0012 1.0000
parrole | 0.0109 0.2256* 1.0000
supervis | 0.0136  -0.0922* -0.0287 1.0000
edyrs | - 0.0233 0.1142* -0.2029* 0.0098 1.0000

2. The treatment variable (experimental condition) is statistically independent of
other variables in the data
a. At least at thep < 0.05 level (i.e. the correlations are not exalgt0)
b. Should we be concerned they are not all exactly 0?
I. Should we be concerned if some correlations aqe< 0.05?
c. Answers tothesequestionslater in the workshop
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Why conduct experimental studies?
0&1I O T ATU OAOGAAOAE NOAOOmbst efidetiviinand @ E I A
evaluating competing causal hypotheses. As much as we would love it if it were true,

there simply are no statistical techniques for observational data that provide the power
AT A A1 ACAT AA 1T £ AimudeddbddET AT OAT AAOEC]

1. Other social science fields are realizing how valuable experimental methods can
be and are rapidly embracing experiments (see next slide)

a. Disciplines that have been (arguably) more successful and more influential
than sociology have done so partially othe back of the relative
definitiveness of experiment’s cau
economics)

b. Sociologists have been slower to embrace experiments, but that seems to be
slowly changing

5. Experimental (political science) articles are citechn average of 40.1 times
(Druckman et al. 200§

a. Other guantitative articles are cited 30.5 times
b. Qualitative articles are cited 29.7 times
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e
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Year (three-year moving average)
Figure 1

The propordon of research articles employing experimental design in top-ranked journals in economics,
= propo _ ploying cxpc gn in top- ! : : _
political science, and sociology (three-year moving average). Abbrevianons: AER, American Economic Review;

ECON, Economerrica; AIPS, American Journal of Political Sceence; APSR, American Political Science Review, AJS,
American fowrnal of Sociology; ASR, American Sociological Review.

From Jackson and Cox 2013
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Propotion of Published Articles Using Experiments in ASR and A/S: 2000 - 2018
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Good Experiment al Design Is Hard

C)§ _ GelxderAnents are difficult to design and conduct, and only a foolish person thinl
I OE A Oxveb&xAaBd Gell 2013

*To hbeenest , | have HEOEI isldé&s@go wledt fheorri mvehndt a
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Effective Experimental D esign |s Difficult

08 A Oi AEAT OAEAT AA AgGPAOEI AT O EO | AAA

to be addresses competently or the outconeéshe experiment can be useless for the

PDOODPI OAO EIT OAT AAA (Wakeh2014 1T OOAh | EOI AAAE]
1. The experimental manipulation needs talearly represent your IV of interest

a. Participants need to understand the manipulation

2.Your DV of interest needs to represent your concept of interest and must be
measured clearly and correctly
a.i.e. Participants need to understand what they are being asé
. Not al ways done well ... (see next
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L

Write a comment or tasting note...

®

NOT FOR ME LOVE IT

4 1 Who are you drinking with?

MONTE DUCAY
Reserva Carifiena Red Blend

9 Where are you drinking?

8.6 120ratings 8.8 2 proratings Share on: “ , @ E
Q@ Carifiena in Aragén, Spain Vintage Year
@® RedBlend

Is 8.6 a good score? What would you assume the rating scale is based on just this
information (a user rating of 8.6 and a pro rating of 8.8)?
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Survey Design

1. How do you ensurethe survey aspect of your survey experimen{e.g.
guestionnaire) is well designed?

2. Take a class on it
a. Sociology $651: Survey Design

3. Read a book on it. particularly recommend these two:

Fowler, Floyd J. 2014Survey Research Methods" Edition. Sage.
- A short (171 page) introduction to all aspects of survey methods

Dillman, Don A., Jolene D. Smyth, and Leah Christian. 20ta#ernet, Phone,
Mail, and MixedMode Surveys: The Tailored Design Methdth Ed. Wiley.
- A thorough (509 page) and welresearched overview of all aspects of
survey methods; good considerations of what methods work well across
different modes

4. Read the lecture notes from mysurvey Design Workshop
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Examples of z and Best Practices
For z Survey Experiments

Overview

1. This section is not exhaustive in its coverage of survey experiments. | cover the
following commonly usedtypes of survey experiments in the hopes that they
spur research ideas:

a. Measurement experiments

b. List treatment experiments

c. Stereotype content experiments

d. Group position experiments

e. Hiring/job applicant evaluation studies
f. Vignette experiments

g. Factorial experiments

h. Conjoint experiments
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Measurement E xperiments

1. Survey researchers often use experiments when developing questionnaires

2. Different question wording may cause different answers; different question
choices may affect answers; different instructin wording can affect answers; etc.

3. Belli et al. 1999* designed a clever survey experimento test ways toimprove
guestionsabout voter turnout

a. Voter turnout is consistently overestimated on surveys (i.e. many Ps say they
voted when they did not)

b. Belli et al. 1999 suggest that a simple yes/noanswertoh e quest i

you vote?” does not all ow people w
voters to express that
.Li.e. They have to say “no” even

*I "’ m oversimplifying their @&paparfordull detils
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Measurement experiment example: voter turnout

4. The question asked in the survey:
In talking to people about elections, we often find that a lot of people were not abl
to vote because they weren't registered, they were sickhey just didn't have time.
How about yore did you vote in the elections this November?

5. Participants were randomly assigned to one of two different response options:

Condition1 } OOOAT AAOASd AET EAAO(Q

(a) |did not vote in the November % election
(b) I voted inthe November 5" election

Condition2 § OAPGDPAOEI AT OA1 6 AET EAAOQ

(a) Idid not vote in the November % election

(b) I thought about voting
(c) | usually vote but di dn
(d) I am sure | voted in the November 8 election

me bu

t hi s [
S | s ti me

t
hi
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Percentage Reported Voting

100
80 - 72.1
60 -
40 -

20

Lt

November December January
Month Interviewed

\ Standard —_ Experimental

*Takeaway: reports of voting goup over time (and arelessaccurate)when only the
standard yes/noresponse options aregiven
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Control / Baseline Conditions

1.In some cases, a control / baseline condition can be helpful to determine what the
average response to the DWould be absent a manipulation of your IV
a.E. g. Il n the example above, the “st
baseline needed as a benchmark
b. E.g. In medical trials the placebo condition can be helpful to see what would
happen without the addition of the new medicine / intervention

2. Sometimes control conditions are impossible or can be problematic
a. E.g. Consider a hiring study where participants (Ps) evaluate resumes
.E. g. | V i s gender . man’ s name o0on
ii. Does a control condition m&e sense? A resume without any name?
1. Without a name, is an applicant evaluated without regard to
gender ? Would the evaluator as

Survey Experiments Pageb3



List Treatment Experiments

Social Desirabllity

1. Social desirability:
a. From Pager and Quillian (2005) “ ...t he phenomenon t
to give socially appropriate answers to questions, even if this involves
di storting the truth (Bradburn 198
b. In my words: the tendency forsomeoneto give answers different than how

they truly feel because they perceive their own opinion to conflict with saal
norms

2.Survey experiments in particular oft

stereotypes, or hypothetical behavior—and therefore can beprone to socially
desirable responses

a. Actual behavior is harder to fake. Thus, behavioral laboratory studigend to
have fewer problems with social desirability
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Social desirability and studying sensitive topics

1. Think about what it is you want to study
a. Behavior? Will Ps accurately report whathey would do in a hypothetical
situation?
b. Attitudes? Will Ps accurately report what they truly think?
c. Perceptions of norms? Will Ps accurately report what they think most people
think?

2. Consider whether what you want to know isvhat people really think vswhat
they will tell a researcher they think
alt 1 sn’”t always the case that you
b. It is often of great interest what people are willing to say
I. E.g. Who says they are comfortable voting for a woman president? A
black presdent?
1. Is this necessarily the same as peopleho would actually vote for
these candidates? Maybe not. But that does not make their
expressed acceptance less interesting or important
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The list treatment experimental design

1. List treatment experiments, AKAitem count technique
a. Participants in one condition see a list of filler items that have a binary
answer (e.g. yes/no, agree/disagree)
I. The purpose of this condition is to estimate the baseline how many
items do Ps tend to endorsen average
b. Participants in the experimental condition see an additional item: the item of
interest that is likely prone to social desirability
I. The difference in theaverage number of items endorsed in the
experimental condition compared to theaverage number of items
endorsed n the baseline condition = the percent of Ps who endorse the
socially desirable item
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List treatment experiments to combat social desirability

2. List treatments reduce social desirability because the P does not have to

explicitly endorse the sociallyundesirable item
a. Instead, the answetthey give isthe number of items they endorse

.Limitation iIs that 1t i1 s Impossible
socially desirable item
a. In general,want to know the differenceacrossall participants in the
baseline vsall participants in the experimental condition

b. It is alsopossible to estimate effects for subgroups in the data
I. E.g. How women answered in the baseline vs experimental condition
li. But note that precision/power is reduced for these comparisas—

especially for minority groups (e.g. LGB Ps; Libertarian Ps)
1. If a subgroup analysis is of interest, best to oversample to ensure
the statistical power to compare them

4.1 n general, 1t 1 s rare t hwdarealmsstavays e
interested in aggregates
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List treatment example (Coffman et al. 2016)

Table 1 Experimental Design

Panel A: Comparison of Direct Report and Veiled Report treatments

Direct Report Veiled Report

| remember where | was the day of the Challenger space | remember where | was the day of the Challenger space
shuttle disaster. shuttle disaster.

| spent a lot of time playing video games as a kid. | spent a lot of time playing video games as a kid.

| would vote to legalize marijuana if there was a ballot | would vote to legalize marijuana if there was a ballot
question in my state. question in my state.

| have voted for a political candidate who is pro-life. | have voted for a political candidate who is pro-life.
* | consider myself to be heterosexual.

Please fill in the bubble that corresponds to the total Please fill in the bubble that corresponds to the total
number of statements above that apply to you. number of statements above that apply to you.
0 1 2 3 4 0 1 2 3 4 5
Do you consider yourself to be heterosexual?
Yes No
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Panel B: Sensitive questions used

Question Sensitive answer

Own sexuality

1. Heterosexual Do you consider yourself to be heterosexual? “No”

2. Attraction Are you sexually attracted to members of the same sex? “Yes”

3. Experience Have you had a sexual experience with someone of the same sex? “Yes”

LGBT-related sentiment

4. Marriage Do you think marriages between gay and leshian couples should be recognized “No”
by the law as valid, with the same rights as heterosexual marriages?

5. Manager Would you be happy to have an openly leshian, gay, or bisexual manager at work? “No”

6. Discriminate Do you believe it should be illegal to discriminate in hiring based on someone’s “No”
sexual orientation?

7. Adopt Do you helieve leshians and gay men should be allowed to adopt children? “No”

8. Change Do you think someone who is homosexual can change their sexual orientation “Yes”
if they choose to do so?

1. Findings:

a. Reports of samesex sexual experience increased 58.7% with the veiled
method, reports of non-heterosexual identities increased 64.2%

b. Support for samesex marriage reduced by 22.5% with the veiled method,
discomfort with an LGB manager increased 66.6%, support for legal
discrimination increased 71.7%, opposition to LGB adoption incised
45.9%
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General advice for list treatment experiments
1. Provide an example of how the list works and how you want Ps to respond

2. Filler items should be likely to be answered with a yes/no
a. Items that someone may be 50/50 on can be problematic

3. There shodd be a negative correlation among the filler items

b. Do not chose items that are likely to be answered with all Os or all 1s for a
large amount of Ps

4. Consider statistical power needed to assess effects. The list treatment study
requires an additional condtion (the baseline condition) that is not of interest
itself, but has to be included

c. But, could use only one baseline and multiple experimental conditions

5The | i st treatment technigue I S mor e
rat her t(dofanan et4l.poecy ”

Alternatives to the list treatment: randomized response technique

1. Another commonly used methodo reduce the effects of social desirabilitythat |

d o ncover here)is the randomized response techniquéseeBlair et al. 2015JASA
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Stereotype Content Studies

1. Survey experiments are often used to assess attitudes, views, astdreotypes
about various things

2. The stereotype content model Fiske et al. 2002 is a popular model of assessing
the “fundamental” stereotypes of war
groups

a. Warmth and competences considered in two-dimensional space, with the
| mpact of stereotypes contingent o

3. Warmth and competence are latent variables measured using scales. Consider th
competence scale:

How intelligent are members of this grou@
How confident are members of this group?
How competent are members of this group?
How independent are members of this group?
How competitive are members of this group?
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Designing continuous dependent variables

1. Youshould always design your instrument so you have continuous dependent
variables (DVs) whenever possible
a. Linear regression / ANOVA desnot require alarge sample
I. Categorical DV models (e.g. multinomial logit) have lower statistical
power than linear modelsand are usually estimated with maximum
likelihood estimation (MLE) which requires larger samples for reliable
estimates
b. Experiments often have relatively small sample sizes
I. Especially for betweensubjects experiments, then sizes per condition
can be rehtively small
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Using scales for dependent variables

1. Using scales for your DVs is almost always a good idea
a. Multiple categorical items can become continuous with scaling techniques
b. Multiple items combined into scales can limit the impact of random error for
any one item

2. The competence and warmth scales are good exampl&s Mize and Manago
2018 SCureach item was asked as a-@ategory ordinal item (anchored from 1 =
“Not at Al I EXx tTheiteneslinythé 3cales are:

a. Competence: intelligent, confident, competent, independent, competitive
b. Warmth : tolerant, warm, goodnatured, sincere

Survey Experiments Page65



Distribution of Tolerant Item
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| Distribution of Warmth Summated Scale
15 : : :
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4 6
Warmth Sum Scale
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Between vs Within -Subjects Designs

1. Between-subjects design each participant (P)experiences only one of the

experimental conditions
a. E.g. In a study of gender and leadership, the P interacts with only a man

leader OR a woman leader
b. E.g. In a vignette study, the P reads a story about either a married couple

living together OR an unmarred couple living together

2. Within -subjects design each P experiences more than one of the experimental

conditions
a. Can be all of the experimental conditions; just a subset; etc.
I. E.g. In a study of gender and leadership, the P interacts with both a man
and a woman leader
i. E.g.In a study of stereotypes, the P provides ratings of multiple social

groups
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Pros and cons of between and within subjects designs

1. Between-subjects designsare particularly useful when studying topics that (a)
are time-intensive to study, and/or (b) are prone to social desirability

a. E.g. Some experimental games take place over many rounds and can take u

to an hour to complete(e.g.Benard, Berg, and Mize 201)7
I. To prevent fatigue effects, would not want to have P experience
multiple conditions

b. E.g. Studying race is extremely difficult due to social desirability. If you give a
P two resumes (one with a stereotypical white name; one a stereotypical
black name), participants may guess that you are studying race and thus not
respond honestly due to social desirability
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Pros and cons of between and within subjects designs

2. Within-subjects designsa |l | ow you to compare a par
experimental condition to their own responses another condition
a.E.g. Will a P redy have a firm grasp of what a 7 on a }point competence
scale means? With a withirsubjects design a P can make their answers

relative to each other, e.g. they may rate one condition asore or less
competent than another condition

b. Within -subjects desigs are more efficient
I. You greatly reduce the number of participants you need to survey
because each participant responds to multiple experimental conditions
(and you no longer have a problem with betweetsubject variation
‘“muddyi ng” t he imenthleonditionpf t he exp
i. E.g. In our gender and leadership example, making the manipulation

(man or woman leader) within-subjects cuts the number of Ps needed
at least in half
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Group Position Experiments

1. How do demographic changes in the U.S. influenpelitical attitudes? Wetts and
Willer 2018 dedigned a very clever manipulation to study these effects

(a) Proportion of US population by racial/
ethnic group, 2000-2020

80
—— White (Non-Hispanic)

70 : :

— — Hispanic
L Black
50 —  Asian
40 Other
30
20 S ——
10
0

2000 2005 2010 2020
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Wetts and Willer 2018

(b) Proportion of US population by racial/
ethnic group, 1960-2060
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Designing Effective IV Manipulations
O(AOA EO Al EI Pl OOAT O 0061 A AAT OO AOAAO
/| 54 [ & 0,! #% ). %8O0%Waky2004. 4!, $%3)' .85

l.When possibl e, it I s a good iIidea to
first time you try to study a proposed IV
a. Follow-up studies can refine your theory and scope after you have
established the causal relationship exists at all
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Ethics and Deception

1. Is deception ethical in your experiment?
a.lf you’re an economist the answer

2. Sociologists, psychologists, glitical scientists, and other social scientists on the
other hand, tend to argue that there are many questiorsespecially those that
are due to unconscious processes and/or prone to social desirabil#ythat are
difficult to study and come to accurate conasions about without deception

a. E.g. Imagine asking a participant

O7A AOA ET OAOAOOAA ET xEAOEAO PAI B
applicants. Please view these two identical job applicants that we artificially
created: one is the resume of an equivalently qualified white man; the other is

an identical resume exg# we intentionally made their name sound N
OOAOAIT OUPEAAI T U Al AAE8 7EIT Al Ui O

.L.You don’t really expect truthful
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Addressing and justifying deception

O3EI El AOl Uh AATTTITEOOO xEIT Odyén&es inclddidpd A
some foundations, raise this point in an effort to impose their standards of research (ol
rules of the game) on experimentalists in other soesalience disciplines. {Footnote 3:
Both of the authors of this essay are familiar with acuexamples of manuscripts being
rejected on these grounds and for major revisions being required (often involving the
waste of subject and investigator time) to avoid deception in the proposed research as
AT TAEOET 1T /&l O (CAox dhdYd&nkgishC200#EOT AO8Dp 0

1. It is difficult to know whether use of decepion will be questioned or not
a. For most sociology journals, reviewers do not question the validity of the
researcher based on whether deception is used (this is especially true for
journals that often publish experiment work, e.gSocial Psychology
Quatrterly)

2. For more general audiences and funding agencies, best to address use of
deception directly —just in case

3.l s there scientific evidence that us
the subject pool? No. Quite the opposii@arrera and Simpson 2012
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Hiring Studies

Race,sexual orientation, and hiring (Pedulla 2014 SPQ

1. Mock hiring studies often present job applicants / workers for participants to
evaluate
a. These often use resumes that are identical on all aspects except for
characteristics of interest (e.g. race, gender, sexuality, etc.)
b. Can use other materials—be creative!
I. | have used performance evaluations, job interview notes, etc.

2. Pedulla (2014) manipulated the race and sexual orientation of job cantktes (all
applicants were men)
a. Race was manipulated via the names dhe resume, as is commonly done
I. But note my strong cautions on this in the following slides
b.Sexual orientation was mani pul ated
club
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Brad Miller/Darnell Jackson
784 Golden Avenue, Apt. #4
Secaucus, N.J 07094
brad.miller/darnell jackson@gmail.com
201-330-3211
Education
The Pennsylvania State University (State

College, PA)

Leadership Experience

May 2009 , , . , [Gay] Student Advisory Council
Bachelor of Arts in Busmess Admimstration President
GPA: 3.71/4.00

: : e Served as member and then presi-
Professional Experience

Target (North Bergen, N.J) 2009 - Present dent uf the [Gay] Student Advisory
Assistant Manager Council.
e Planned and ran meetings, wrote
e Assist in managing all aspects of meet]:ng agendas, and conducted
Target, a large retail store, in North meeting follow-up.
Bergen, New Jersey. Track Club of Penn State
e Resolve customer service problems, Treasurer

manage personnel, and schedule

employee hours. e Served as member and treasurer of

e Served as cashier and department the Track Club of Penn State.
manager, during college summers, e Managed organizational budget and
before being promoted to assistant participated in competitions.

manager.

Survey Experiments Page’7



Salary Recommendations (Pedulla 2014 SPQ)

$50,000
$45,000
$40,000
$35,000

530,000

525,000
White Black

B Heterosexual Gay
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Measuring continuous de pendent variables

1.1t is good practice to restrict dependent variable ranges for things such as salary
recommendations, bonuses, etc.
a. This helps make the responses more meaningful/easier to interpret
b. This also prevents problems for the statistical analysis
I. E.g. What do you do with the P who recommends a $1 million bonus? A
$0 starting salary?

2. Many hiring experiments (e.g. those conducted as survey experimentsg¢ach a
diverse set of participants (from diverse educational, SES backgrounds, etc,)
a. Do not assume all participants have extensive knowledge of the typef
occupation you are studying
b. It is almost always helpfulto provide starting points/context to help make
participant responses meaningful
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Putting dependent measures in context

3.3E. g. “ Whng ssalaarty woul d you recommenc
great question because most people have no idea how much mosbpk are paid

for specific jobs

aA better question: “On average, 1In
$50,000. If you were tohire this applicant, what starting salary would you
recommend?”’

b.OR: “Company X has the discretion
starting salary between $35,000 and $65,000. If you were to hire this
applicant, what starting salary would you recomma d ? ”
I. Note: Most survey platforms (including Qualtrics) allow you to force
responses to be values within a specified range
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Using names to manipulate race

1. If you are considering manipulating race/ethnicity via names, consider whether
there is an alternative

2. Names are not always unambiguous signals of things like race/ethnicity
a. Also consider what other factors (SES, place of origin, etc.) are conveyed by
names
I. Gaddis (2017a)on selecting Hispanic names
li. Gaddis (2017b)on selecting black American names

3. The namesneeded to consistently convey race/ethnicity have to be very
stereotypical
a“ ... only 18.9 percent of black chil
(1994 —2012) have a name that is racially distinctive as black (more
commonly given by black rather thanwhite mothers).” Gaddis 2017b
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Using names to manipulate race

4. Many past studies show that using a highly racialized name does lead to different
treatment of black and white, e.g., job applicants
a. These namedead to racialized stereotypes being activai
b. However, at the cost of possible generalizability
. Do you want your results to be i
very stereotypically Dblack names
average black American” woul d be

Alternatives to names

1. Pictures can be used to signal race/ethnicity for some groups (e.g. Doan 2016)
a. Pictures also tend to elicit less suspicion than names

2. Some forms may contain information on race
a. E.g. Patientintake forms have check boxes for race/ethnicity
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Vignette Studies

1. Vignettes are short descriptions or stories that vary across conditigonly on key
factors of interest
a. These are most often a paragraph of text describing a person or situation
. But they don’'t have to be! Often
effective

2. Consider a manipulation where you describe a small local business
a. You could describe the business in a paragraph of text
b. You could create fake Yelp pages for the small business
I. Which do you expect to be more engaging for the Ps?
li. Which do you exgct to induce more suspicion?
lii. Which allows you to use more creative manipulations (e.g. pictures for
race rather than stating race of owners/customers via text)?
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Example vignette study: Mize and Manago 2018 ASR
1. Example vignette. Bolded words varied across conditions/studies:

Michael is currently single but has had multlp happy relationships wittwomen
in the pastMichael has only datedvomen and one of his relationships with a
woman namedEmily lasted for over two years. The other nigiMichael met Matt
and felt attracted tohim. At the end of the nighiMichael and Matt went home
together andhooked up (Pilot Study) / had a casual sexual encounter (Study 1).

2. There were four different vignettes; all vignettes describe a recent sexual
experience in conflict with their prior dating histories:

Man with a heterosexual @ting history
Woman with a heterosexual dating history

Man with a samesex dating history
Woman with a samesex dating history
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Assessing categorization and certainty as a DV

3. Dependent variable:
a. How likely do you think it is that Michael/Emily is:
I. Heterosexual
li. Bisexual
lii. Gay/Lesbian

4.We could have asked participants to chose only orewe did not

O) i i AREAGAT U AEOAO OAAAET ¢ OEA OECT AO
thought the target character was: heterosexual, bisexual, or gay/lesbiaithree
sexual orientations were measured from 0to 10000 E OO AOOAOOET C

AAOOAET OU AAT OO OEA AEAOAAOAOGO OA@OA
Ovtt xI Ol A ET AEAAOA Ul &6 AOA AT I Pl ADAI
xIT Ol A ET AEAAOA Uil O AOA AT i Pl AOGAI U AAO
analysis, we rescale the measures to range from O to 1 by dividing each response b
100. Therefore, the dependent variables can be interpreted as the probability that th

paOOEAEDAT O OET OCEO OEA OAOCAO (Midak Wk
2018 p.313)

Survey Experiments Page85



Assessing categorization and certainty as a DV

1. Why not ask a fixedchoice question having participant choose one sexual
orientation?

(rarticipants were irstructed to provide an answer for each sexual orientation. We
AET OA OEEO 1 AOET A Ol juqQq AOOAOO OEA A
examine their judgments of each orientation. If we had assessed judgments with a
fixed-choice question (where pécipants choose one orientation they think is most
likely), our analysis could treat individuals who are 51 percent certain (a togy the
character was one orientation equivalently to someone who was 100 percent certair
Additionally, some participantsnay be split between two orientations but be certain
the vignette character is not one orientation; a fixezhoice question would be unable
Oi O1 Al 6AO OEA PAOOEAEDPAT 060 OEI OCEOO
deals with both issue§(Mize and Manago 2018 p.313)
2. An additional benefit to asking the questions in this form is that the DV is quasi
continuous* rather than a nominal variable necessitating (gasp) multinomial logit

to analyze
a. We use fractional response logistic regressionr¢ad about it herg
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Probability Character is Heterosexual Based on Gender and Relationship History

1.00

0.80

0.60

Probability Character is Heterosexual

m Man

Heterosexual Past Gay/Lesbian Past

0.00
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Factorial Experiments

Factorial designs

1. Factorial designs can be very powerful as they allow you to examine both the
overall effects of an IV as well aigs effects when presented in combination with
other factors

a. Factorial designs are multiplicative. Calculating the number of total
conditions is easy by just multiplying

2. Consider an intersectionality design:
a. Race* (White, Black, Asian [Chinese], Latifjbdlexican]) X Gender
b.4 X 2 Factorial Design = 8 experimental conditions

I. White Man White Woman
ii. Black Man Black Woman
iii. Asian Man Asian Woman
Iv. Latino Man Latino Woman
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Factorial designs z a caution

1. On the last page, | limited the operationalization aface to four groups. But there
are many more possible racial groups that may be important to examine
a. Consider also specifically how you would operationalize categories with
large amounts of heterogeneity (e.g. Asian or Latino)

2. Factorial designs can becomaenpossibly large very quickly. E.g.
a. 4 (Race: White, Black, Asian, Latin® 2 (Gender: Man, WomgrnX 3 (SES.:
Working, Middle, UpperX 3 Sexual Orientation: Heterosexual, Bisexual, {zay
b.4*2*3*3 =72 conditions

WELL THAT ESGMA'I'ED QIIIGI(IY'

memegenerator.net
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Factorial experiment example: the gender wage gap

1. Auspurg, Hinz, and Sauer 201ASRwere interested in how Ps evaluate the
fairness of earnings of men and women across different occupations
a. Do people think it is fair to pay women less? Does this vary based on the
occupation?Age? Educational degree? Experience?

2. Factorial designs have high statistical power; a fairly small number of
participants can provide many data points
a.“ Overal |, 1604 respondent (Busprg, dihzuaadt
Sauer 2017)
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Table 2. Vignette Dimensions and Levels

# Dimensions Levels

1 Age 30/40/50/60 years

2 Gender Male/female

3 Vocational degree Without degree/vocational training/university degree
4 Occupation Unskilled worker/door(wo)man/engine driver/clerk/

hairdresser/social worker/software engineer/electrical
engineer/manager/medical doctor

5 Gross earnings/month Ten values ranging from 500 to 15,000 euros
Experience Little/much

7 Job tenure Entered recently/entered a long time ago
Number of children® No child/1 child/2 children/3 children/4 children

9 Health status® No health problems/ health problems for a long time

10 Job performance Below average/average/above average

11 Economic situation of the High profits/threatened by bankruptecy/solid

organization
12 Organization size Small/medium/large

*NOTE: Possible combinations4*2*3*11*10*2*2*5*2*3*3*3 = 2,851,200 ¢ | @

- SeeAuspurg and Hinz 20150or ways to cull the number of vignettes .
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unfairly
high 1.0

0.5

fair 0.0

0.5

Justice evaluation of earnings

unfairly
low -1.5

I I L] I
door unskilled hair clerk  social engine software electrical manager medicsl
(wo)man worker dresser worker driver engineerengineer doctor

Qccupation

[ ] coef VP_female coef VP_male +—— SE

Figure 3. Gender Discrimination by Occupation

Note: The figure shows regression coefficients for the 10 occupations for male and female vignette
persons (VPs) separately attached with a standard error (SE). The coefficients result from a regression
that controls for the other vignette dimensions of age, education, and gross earnings (adjusted to the
mean). n = 13,840 vignette judgments of n = 845 female respondents; and n = 12,367 vignette judgments
of n = 759 male respondents.
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Benefits of factorial experiments

1. Social desirability can be combatted by varying so many dimensions at onee
making it difficult for Ps to ascertain what the research questions arewhat
manipulations are of interest

O!' 0 ET AT U OOOOAU 00OO0A Ulhiased bshntarkd. Wl A
note that the just gender pay gaps might have been underestimated if
respondents were aware of and attempted to mask their discnatiory
attitudes. However, the factorial survegsk, with its simultaneous evaluation
of multiple dimersions, is considered more likely than alternative methods
(including randomized response techniques) to be immune to social
desirability bias (Auspurg and Hinz 2018)@uspurg, Hinz, and Sauer 2017 p. 201)
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Extra Advice on Factorial Experiments

1. Implausible combinations should not be fielded
a.01 OAT OEOAOEOA 1 AGAT O x1T OI A EAOA 1A
300bUAAO T 1 A Ol EOAOOEOU COAAOAOA EAOE
(Auspurg, Hinz, and Sauer 2017)

2. Pure randomization is not ideal for experiments with lots of experimental
conditions and many within-subject ratings(e.g. factorial experiment)
a. More often, it is desirable to create different sets of conditions that have
optimal statistical and practical properties
I. E.g. Bycreating different sets of conditions it is easy to avoid having a P
rate the same condition multiple times
1. Can also avoid statistically undesirable situations such as a P rating
only one level of a manipulation (e.g. only BA conditions)
2 f fi ci gnedhdse tdeesets of conditions to administer that
maximize statistical power
1. SeeAuspurg and Hinz 2015or a discussion
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Conjoint Experiments

Example: Referendums on citizenship applications in Switzerland

1. Hainmueller, Hangartner, and Yamamoto 201BNA3use a very clever design
comparing several survey experimental m#ods to the observed outcomes of a

real voter referendum in Switzerland
a. Voters were able to vote yes/no on citizenship applications and given an

array of background characteristics of the applicant

Table S2: Applicant Attributes and Attribute Levels

Attribute Attribute Level

Gender & Male, Female

Origin € Netherlands, Germany, Austria, Italy, Turkey, Croatia, Former Yu-
goslavia, Bosnia and Herzegovina

Age € 21 years, 30 years, 41 vears, 55 years

Years since arrival € 14 years, 20 years , 29 years, Born in CH

Education € Primary School, High School, University

German proficiency € “Adequate”, “Good with accent”, “Unaccented”, “Swiss German”

Integration status “Assimilated”, “Integrated”, “Indistinguishable”, “Familiar with

Swiss traditions”
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Figure S6: Paired Vignette
Figure S5: Single Vignette

“\ Universitat
1 Zirich™

\ Universitat
e o 1 uzn
Ziirich
Bitte schauen Sie sich die Profile der beiden Gesuchsteller grundlich an und treffen Sie dann
lhre Entscheidung.
Bitte schauen Sie sich das Profil des Gesuchstellers griindlich an und treffen Sie dann |hre Der Gesuchsteller 1 aus dem ehem. Jugoslawien ist 30 Jahre alt und lebt seit 29 Jahren in
Entscheidung. der Schweiz. Er hat die Universitaet abgeschlossen. Der Gesuchsteller spricht akzentfrei

Schweizerdeutsch und ist vom Schweizer kaum zu unterscheiden.
Der Gesuchsteller 1 aus der Tuerkei ist 30 Jahre alt und lebt seit Geburt in der Schweiz. Er
hat eine Lehre abgeschlossen. Der Gesuchsteller spricht gutes Deutsch mit Akzent und ist in Der Gesuchsteller 2 aus Oesterreich ist 30 Jahre alt und lebt seit 29 Jahren in der
der Schweiz assimiliert. Schweiz. Er hat eine Lehre abgeschlossen. Der Gesuchsteller spricht akzentfrei
Schweizerdeutsch und ist vom Schweizer kaum zu unterscheiden.

Wollen Sie, dass Gesuchsteller 1 das Schweizer Burgerrecht erteilt wird? . I s
Wollen Sie, dass den Gesuchstellern das Schweizer Biirgerrecht erteilt wird?

7 Ja Nein
Ja
Gesuchsteller 1

-~ Nein
Gesuchsteller 2

Sunvey Powered By Qusirics WEITER Sunvey Powsred By Q

Figure shows single vignette in German. Attributes levels for Gender, Origin, Age, Years Figure shows paired vignette in German. Attributes levels for Gender, Origin, Age, Years since

since arrival, Education, German proficiency and integration status are randomized subject to arrival, Education, German proficiency and integration status are randomized subject to logical
logical constraints. Attribute order is fixed. Respondents are asked to vote “yes” or “no” on constraints. Attribute order is fixed. Respondents are asked to vote “yes” or “no” on each of
each applicant. the two applicants.
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\ Universitat
5 Zurich™

Figure S7: Single conjoint

Universitat
/ Ziirich™

Figure S8: Paired conjoint

Bitte schauen Sie sich die Profile der beiden Gesuchsteller griindlich an und treffen Sie dann

lhre Entscheidung.

Bitte schauen Sie sich das Profil des Gesuchstellers grindlich an und treffen Sie dann lhre Gosultistollord Gosuchstoilor2
Entscheidung.
Geschlecht weiblich maennlich
Sesuchstsller 1 Herkunftsland Niederlande Bosnien und Herzegowina
Deschiectt Walblich Alter 55 Jahre 55 Jahre
Herkunftsland Italien -
I" dersseci:thwelz Geburt 14 Jahren
Alter 55 Jahre
i dor Sohweiz sait Geburt Bildungsstand obligatorische Schule obligatorische Schule
: g ; spricht fliessend Deutsch spricht akzentfrei
Bildungsstand obligatorische Schule Sprachkenntnisse 3 ohne Akzent Sr,:hﬂweizerdeutsch
Sprachkenntnisse spricht akzentfrei Schweizerdeutsch f g
Integrationsstatus untersche;:tv::i::el:aum Mo istin der Schweiz integriert
Integrationsstatus unterscheidet sich kaum vom Schweizer

Wollen Sie, dass Gesuchsteller 1 das Schweizer Burgerrecht erteilt wird?

2 Ja

Nein

Wollen Sie, dass den Gesuchstellern das Schweizer Birgerrecht erteilt wird?

Gesuchsteller 1

Gesuchsteller 2

Ja

Nein

Sl Pt By Quitics Sumey P oweed By Gt
Figure shows paired conjoint in German. Attributes levels for Gender, Origin, Age, Years since

arrival, Education, German proficiency and integration status are randomized subject to logical
constraints. Attribute order is fixed. Respondents are asked to vote “yes” or “no” on each of

Figure shows single conjoint in German. Attributes levels for Gender, Origin, Age, Years
since arrival, Education, German proficiency and integration status are randomized subject to
logical constraints. Attribute order is fixed. Respondents are asked to vote “yes” or “no” on

each applicant. the two applicants.
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Survey Experiments

Figure 59: Paired conjoint with forced choice

™ Universitit

! Zurich™

Bitte schauen Sie sich die Profile der beiden Gesuchsteller grindlich an und treffen Sie dann

Ihre Entscheidung.

Welchen der beiden Gesuchsteller bevorzugen Sie flir die Erteilung des Schweizer

Blrgerrechts?
Gesuchsteller 1 Gesuchsteller 2
Geschlecht maennlich maennlich
Herkunftsland MNiederlande Italien
Alter 30 Jahre 41 Jahre
In der Schweiz
seit 20 Jahren Geburt

Bildungsstand

abligatorische Schule

obligatorische Schule

Sprachkenntnisse

spricht gutes Deutsch mit
Akzent

kann sich auf Deutsch gut
verstaendigen

Integrationsstatus

mit Schweizer Traditionen
bestens vertraut

mit Schweizer Traditionen
bestens vertraut

Surmy Powerad By

Age, Years since arrival, Education, German proficiency and integration status are randomized

suhject to logical constraints. Attribute order is fixed. Respondents are forced to choose one

of the two applicants.

Figure shows paired conjoint with forced choice in German. Attributes levels for Gender, Origin,
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Gender:
Female
Male

Origin:
Metherlands
Germany
Austria
Italy
Turkey

Bosnia-Herzegovina -

Croatia
farm. Yugoslavia

&

21 Years Old
30 Years Old
41 Years Old
55 Years Old

Years Since Arrival:
14 Years
20 Years
29 Years
Born in CH

Education:
Low
Middle
High

Integration Status:
Traditions
Assimilated
Indistinguishable
Integrated

German Proficiency:

Adequate
Good
Perfect

Behavioral
Benchmark
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Fig. 2. Acquiescence and nondifferentiation in different survey designs.
The figure shows the proportion of respondents who accept all applicants
with corresponding 95% confidence intervals.
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Studying socially desirable topic s with within -subjects designs

1. Do not assume that a between subjects design is the only choice for studying a
socially desirable topic
aNote Hainmueller et al
Ps were particularly likely to accept allof the applicants
I. Showing them multiple applicants actuallydecreasedhe proportion of
applicants being accepted

s (2015) f

2Note al so Auspur g, Hi nz, and Sawuer’s
characteristics at once to obscure what is the independent vate
(manipulation) of interest
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Miscellaneous Advice

1. Pretest your study!
a. Always. Make sure your instrument is effective; your manipulation is
effective; you have variation on your dependent variables
b. Undergraduate samples are useful for this (see Dagources section)

2. Often, nultiple smaller studies that (convincingly) test research questions are
often preferred to one large study that (confusingly) does not provide clear
results

a. E.g. Three different 2 condition studies rather than one 2 x 2 x 2 study
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Manipulation and Attention C hecks

1. Manipulation checks are questions that verify that Ps noticed and understood
your IV manipulation
a. E.g.Consider the classic experiment Ar e Emi |y and Greg
t han Laki sh@ematnrcand aamadl ®i)l | ai nat han’ s

I. As this was an audit study, there is no way to know for sure if the
resumes were viewed as white or black men/women

ii. If you used a similar design fola survey experiment,a manipulation
check could verify that theapplicantsare understood by the Ps as
indicating the gender andracial group the researchers intend

2. Manipulation checks are inherently suspicion inducing
a. They ask Ps whether they noticedth t hi ng you are stu

know what you were studying before—they probably will after answering
the manipulation checks

I. For this reason, manipulation checks must be asked at the end of the
study after DV measures of interest have been assed

3. Generally, you shouldore-test your manipulation and verify it works with
manipulation checksbeforebeginning data collection for your full experiment
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Attention checks

1. Remember that in a survey experiment the participant is likely taking the survey
in their own home. They may be watching TV at the same time, playing fetch with

Fido, or other things. That is: they might not be paying much attention to your
study

2. Attention checks are questions included in a survey that are unrelated to the

actual study. They require the participant to read the directions to get the
guestion correct

a. Good practice to make the question somewhat in line with the rest of the
study, but clear it is not part of what they have been answering

This question is included to make sure you are reading the questions carefully, so that the data will be
valid. For this question, answer slightly agree regardless of what you would have answered.

To what extent do you agree or disagree with the following statement? "l own a cell phone only
because | have to for work "

Completely Mostly Slightly Slightly Mostly Completely
Disagree Disagree Disagree Agree Agree Agree
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Data Sources

Do you need anationally representative sample?

Comparing Data Characteristics and Results of an

Online Factorial Survey between a Population-Based and
a Crowdsource-Recruited Sample

Jill D. Weinberg?®, Jeremy Freese?, David McElhattan®

a) Northwestern University; b) American Bar Foundation

Abstract: Compared to older kinds of sample surveys, online platforms provide a fast and low-cost platform for factorial
surveys, as well as a more demographically diverse alternative to student samples. Two distinct strategies have emerged
for recruitment: using panels based on population-based samples versus recruiting people actively seeking to complete
online tasks for money. The latter is much cheaper but prompts various concerns about data quality and generalizability.
We compare results of three vignette expenments conducted using the leadlng online panel that uses a population-based
parad|gm (Knowledge Networksrew-Gfcand-theteading ptatform-for-crowdseureerecruitment (Amazon Mechanical

4rk)-Our data show that, while demographic differences exist, most notably in age, the actual results of our experimen

‘ are very similar, especially once these demographic differences have been taken into account. Indicators of data quality |

ere actually sllghtly better among the crowdsource subjects. Although more evidence is p amlyr needed, our res
support the acctmttating-evidence for the promise of crowdsource recruitment for online experimests;imciuding factorial
surveys.
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Survey Experiments

Control vs. Treatment Group 2.

*From Mullinix, Leeper,
Druckman, andFreese 2015
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Do you need a nationally representative sample?

1. Effects of experimental manipulations have proven quite robust across sampling
platforms (with the most work done comparing mTurk to other options)

2. Consider whether you are interested in a ppulation effect
a.Often, a gener al popul ation sampl e
guestions
b. Sometimes a general population sample is less ideal for testing many
research questions than more targeted samples!

3. If you are interested in a heterogeneus treatment effect across certain
subpopulations, it is most effective to sample with this in mind
a. Interested in race of the P as a moderator? Sample equal numbers of each
racial groups
b. This ensures the maximum possible amount of power to accurately tegour
research question/hypotheses
I. E.g. Se®oan, Loehr, and Miller2014 s approach for
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Time -Sharing Experiments for the Social Sciences

1. Time-Sharing Experiments for the Social Scienc€SESS)
a. A gold standard for populationbased survey experiments
b. NSF funded
.LCurrently uses NORC’'s Ameri Speak
c. Opgates similar to an academic journal:
I. Write a proposal
Ii. Sent out to reviewers
i. Pr oposal |l s rejected, R&R"ed, or
d. TESS is very competitive

2. If your proposal is accepted TESS covers the entire cost of fielding the study for
you

3. Proposals are limitedto 5 double spaced pages of text (12 point font)
4. Ref erences, tables, power analyses,

5. SeeN size limits on next page

Survey Experiments Pagel08


http://www.tessexperiments.org/introduction.html

Size limits for TESS experiments

The shorter an experiment, the more respondents on which it can be constructed. For
each unit of experiment length, the maximum number of available respondents
(subject to guidelines below) is as follows:

length max N length max N length max N
4 or less 4000 16 1150 28 450
5 3700 17 1050 29 425
5 3400 18 1000 30 400
7 3100 19 820 31 380
a8 2800 20 200 32 370
9 2500 21 730 33 360
10 2250 22 630 34 330
11 2100 23 200 35 240
12 2000 24 275 36 330
13 1630 25 230 37 320
14 1500 26 525 38 210
15 1250 27 200 39-40 200
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TESS short studies program

1. Seedetails here

2. Limited to 3 items (note: a vignette counts as an item)
3. Pros: Less competitive (but still competitive)

4. Shorter proposal (2 pages of text, single spaced)

5. Lightning quick review time (these are reviewed by TESS staff instead of sent out
for peer review)

6. These are especially useful when you (a) already have solid results but (b) need
some generalizability for a key measure or two

7. Or, if you only are interested in one or two key DVs
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Nationally r epresentat ive panels

I.NORC’' s Ameri Speak
aRecruits participants via NORC’ s o
percent of the U.S. population
b. Note that TESS now uses AmeriSpeak to field accepted propasal
c. Expensive (but not compared to a telephone survey)

2. GfK KnowledgePanel
a. TESS used GfK for most of its existence
b. Panel is recruited via random digit dialing and address baseshmpling to
ensure representativeness
c. Expensive (but not compared to a telephone survey)
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Quota Sampled Panels

1. Qualtrics Panels
a. Qualtrics will quota sample Ps so that their demographics match the
population of interest on a given set of criterion
b. Al so has specialized panels such a
I. Note this can be fairly expensive
c. Will sample other specific populations for you for extra cost

2. A word of caution: | know of multiple researchers who hve had disappointing
experiences using data collected by Qualtrics
a. Low quality data
b. Nature of panels misrepresented
c. Opague sampling procedures
d. Opague participant payment procedures
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Self-Selected Panels You Can Quota Sample

1. Amazon Mechanical Turk
a. Conveniencesample. But a huge pool of participants
b. You would need to do the quota sampling yoursekb ut no r easo
apply similar methodology to Qualtrics
c.Can sample on some characteristics
I. The list of characteristicsyou can sample on (and the additional cost for
each)
ii. E.g. Sampling only Ps 55 or older costs 50 cents per participant
d. Note that some characteristics are not included in the Premium
Qualifications (e.g. race)
I. Youcan do the sampling yourself
e. A pro is that there are a massive amount of workers on mTurkso you can
access almost any population you wish
O)T AAAAh Al OET OCE OEA AAOOAIT AT 60O OAO
costs about $15,000 wla the same study was implemented with a comparable sample
OEUA 11 -400E A O AAT 00 Ewtt jIT O AOAI

(Mullinix, Leeper, Druckman, and Freese 2015
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Self-Selected Panels You Can QuotaSample

1. Prolific Academic
a. Created by academics, for academic research
l. Interface and capabilitiesare generally better than mTurk
b. Massive list of background characteristics you can sample on without
additional costs
I. E.g. Could sample only 3640 year old black women with college
degrees for no extra cost
c. A con is that the pool of participants is much smaller than mTurk or
Qualtrics
d. Note that Prolific Academic enforces ethical payment (i.e. they track how
long your study takes and what your effective hourly rate is)
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How much should | pay my mTurk/Prolific participants?

1.You should clear your payment arrang

a. Although some companies and researchers pay very little, you should
consider the ethics of paying someone very little for their time

a. My rule: Never pay less than minimum wage (even if someone is willing to
do the work for less)

bb.The University of Maryland’s | RB r
studies will be approved if they pay less than minimum wage

I. Prolific Academic enforces similar payment guidelines

2. Generally, | think you should pay more than minimum wage
a. E.g. At least 150% of minimum wage for the average time to complete the
survey is a reasonable rule
b. E.g. A surveyexperiment that takes 10 minutes = 1/6 hour
i. USA federal minimum wage = $7.25

i. Minimum wage for 10 minutes = $7.25/6 =3$1.21
lii. 1.5 times minimum wage =%$1.21*15 = $1.82
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Undergraduate sample / pre -testing

1. Do not dismiss the usefulness samplingndergraduates
a. Even with a survey experiment, often helpful as a preest or a pilot study
I. i.e.Check whether participants understand your survey instrument;
determine whether you have enough variation in the responses to your
key measures; examine whethemost all of the participants pass the
manipulation checks (i.e. they picked up on your key experimental
manipulation)
b. Pre-test results can be very compelling when you apply for gras (or for
something like TESS)
I. Youhave evidence that pur experiment andinstrument work

2. Note also that lomogenous samples haveomeadvantages. Because the sample
is fairly similar across many characteristics, this reduces lots of statistical noise,

making it easier to isolate the effect of your experimental manipulatiogsee Lucas
2003; Mutz 2011)
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Statistical Modeling of Experimental Data

Control Variables with Experimental Data
62A1 Al AAO OEAO AGDAOEI Al OAI ET AAOAT AA
(Mutz 2011 p.126)

1. There is disagreement in the literatureand in practice about the use of control
variables with experimental data

a.O2AT ATiT AOOECT i AT O O1 ATTAEOQCETT O i
variables makes no sense because control is already embedded in the desig
E O O(AitzARB 10 p.127)

b. If your experimental conditions are truly randomly assigned, your results
should be very similar regardless of the presence or absence of control
variables

I. If control variables radically alter your results, | would be skeptical of
the quality of the random assigment —making me skeptical of any
conclusions drawn from the data at all

Ii. However, this does not mean that control variables cannot be helpful in
different situations
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Controlling for variables that do not predicty (N = 50)

1. Consider the following data Igenerated
a. A two condition between-subjects design
I. N=50
ii. n = 25 per condition (typical for a lab study)
b.Y is continuous
I. The population parameterforaf o (i . e. the “true’
experimental condition) = 1

. regress y i.cond
Source | SS df MS  Number of obs = 50
------------- F oo F(1, 48) = 7.85
Model | 12.0006031 1 12.0006031 Prob>F = 0.0073
Residual | 73.4131351 48 1.52944031 R - squared = 0.1405
------------- Ao AdjR -squared = 0.1226

Total | 85.4137381 49 1.74313751 Root MSE 1.2367

y| Coef. Std.Err. t P>t [95% Conf. Interval]

l.cond| 0.981 0.350 2.801 0.007 0.277 1.684
_cons| 0533 0.252 2.110 0.040 0.025 1.040

Survey Experiments Pagell8



Controlling for variables that do not predicty (N =50)

2. For this example, | also generated four variables that have no predictive power
fory
a. That is, the correlation between these possible controls and y is essentially

Zero
. regress y i.cond xc_randl xc_rand2 xc_rand3 xc_rand4 xc_rand5
Sour ce | SS df MS  Number of obs = 50

------------- e F(6, 43) = 216

Model | 19.7783131 6 3.29638552 Prob>F = 0.0658

Residual | 65.635425 43 1.52640523 R - squared = 0.2316

------------- - AdjR -squared = 0.1243

Total | 85.4137381 49 1.74313751 Root MSE = 1.2355

y| Coef. Std.Err. t P>|t|] [95% Conf. Interval]

_____________ A o e e e
1.cond | 0.837 0.405 2.064 0.045 0.019 1.655
Xc_randl | 0.037 0.082 0.456 0.651 -0.128 0.203
XC_rand2 | 0.050 0.046 1.074 0.289 -0.044 0.144
XC_rand3 | 0.046 0.032 1.414 0.165 -0.019 0.111
XC_rand4 | -0.018 0.026 -0.683 0.498 - 0.070 0.035
XC_rand5 | 0.072 0.188 0.383 0.704 - 0.307 0.451

_cons| 0.646 0.310 2.086 0.043 0.022 1.271
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Controlling for variables that do not predicty

1. Controlling for variables that do not independatly predict y has no benefit

2. However, it does increase the chance of a Type Il error (false negative)
a. This is especially worrisome in samples that already have low power
I. Lab studies are the most common case
ii. E.g. In daboratory study published by Jeff Lucas idSRin 2003 (that |
think is exemplary),n = 15 per condition

3. Moreover, in small and relatively homogenous samples, what arkd control
variables really doing?
a. E.g. In a sample of undergraduates, do you really need a control for age? Fol
level of educational attainment?
I. These are already (mostly) controlled for by virtue of the sample itself

4. For all of these reasons, denerally recommend against using control variables in
samples from laboratory studies and/or other homogenous and/or small
samples

a. There is little to no benefit but there is possible detriment
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Controlling for variables that do predicty

1. With larger samples, suhb as those from most survey experiments, control
variables can be helpful

2. Consider the following data | generated
a.N =1,000
b.n =500 per condition
I. Two between-subjects conditions
C. Y is continuous
I. The population parameterforaff of (1 . e. the “true’
experimental condition) = 1

3. Possible controls
a. xbinaryis a binary demographic variable (e.g. gender of the P)
b. xcontinis a continuous demographic variable (e.g. age of the P)

variable| mean sd min max

y| 088 1.32 -2.58 5.77
cond| 050 050 0.00 1.00
xbinary| 050 050 0.00 1.00
xcontin|  0.15 4.01 -13.85 12.74
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Both possible control variables independently predict y

1. Via regression we can see that botkbinary and xcontin predict y (even when
considered together in the same model)

a. E.qg. If older Ps ratall groups as less warm and likeable, then age will have a
relationship with y
I. This can be independent of the effect of condition (e.g. they raa
groups as less warm; not just som groups/conditions)

Variable| modl mod2 mod3
_____________ A
xbinary |
1| 0.77% 0.77%**
|
xcontin | 0.16***  0.16***

_cons| 0.50***  0.86***  0.47***

legend: * p<0.05; ** p<0.01; *** p<0.001

2.Note thatxbinaryandxcontin® s r el ati onships with th
should be zero

a. As condition is randomly assigned, there should be no association with
demographics and condition
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Controlling for variables that do predicty

1. Controlling for variables that do predicty allows you to explain some of the
systematic variation in your DV
a. This variation can be unrelated to your experimental conditions
bbAccounting for another source of
isolate the variation that is due to your expeimental condition

cond |
1| 0.948 0.965
| (0.078) (0.061)
|
xbinary |
1| 0.767
| (0.061)
I
xcontin | 0.162
| (0.008)
_cons | 0.409 - 0.007

|  (0.055)  (0.053)

legend: b/(se)

2. Note that the standard errors aresmaller once controlling for the other variables
that independently predict y
a.i.e. The significance for experimental conditiomcreases
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Concluding advice on control variables

1. In small samples, the chance of a Type Il error usually outweighs any potential
benefit of including control variables

2. In relatively large samples, control variables are helpfuf they independently
predict y
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2AT AT T 1 OOECT I A1 O Al A #

1. The power of experimental design stems directly from random assignment which
can “ b eohfeundng factors across experimental conditions

2. In theory (and asymptotically), random assignmenwill effectively balance your
participants on all characteristics
a. E.g. An equal proportion of men and women in each condition; of black,
white, Asian, Laino participants; of conservative and liberal individuals, etc.

3.In the absence of covariate balance, we cannot be certain that the IV is the cause
of the DV

4. Note that the point of random assignment is to remove any association of
confounding factors(e.g P’ s demographics) and th
a.l.e. To balance P characteristics across experimental conditions
b. If you do not manipulate an IV, you cannot definitely say whether itis a
cause of the DV

5. But how do we know whether random assignment worked? i.&Vhether it
balanced P characteristics across conditions?
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Balance Tests with Experimental Data

1. How do you know if your experimental conditions are not balanced? What should
you do if they are not?

2.1l n practice, randomaéesamIwemplibhopen not
a. This is especially the case in small samples and/or with rare characteristics
I. E.g. Itis more likely that you will have an equivalent number of
Democrats and Republicans in each experimental condition than you
will have equivalent numbersof Green Party and Libertarian Ps
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Should you test for balance?

1. What if you test for balance and observe imbalance across conditions on some
demographic factor of the participants?
a. E.g. There is a higher proportion of women in Condition 1 than in Conin
2

2.We have every reason to suspect that some characteristics will maRsanswer
in one direction (e.g. more supportive) and some will make them answer in the
opposite direction (e.g. less supportive)
b. Moreover, we would expect the various factors thadre not perfectly
balanced to be roughly randomly dtributed in a given condition
I. i.e. Their effects will cancel each other out and, on average, your
conclusions will be undfected by the slight imbalance
Ii. Remember, just because you observe imbalance on one characteristic
doesn’t mean that there aadloen’t
unobservablecharacteristics that are canceling out the effect
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Should you test for balance?

2. For the reasons described above, nmy experimentalists and methodologistsare
not in favor of testing for balance
a.In my view, it isusually harmless andcan behelpful asan exploratory
diagnostic tool
I. | would not usea balance tests a reason to discard your experimental
results or to blindly attempt to correct your estimates
li. Moreover, just because your conditions are not balancetbes not
imply that the conclusions of your analyses will be affected
1. First, there are almost certaiy factors that were not measured /
unmeasurable that are also imbalanced. You do not know in which
direction these would influence your effects
2. Second, even if a given factor is imbalanced it is possible that
specific factor does not influence the procesgou are studying

3. How to test for balance (if you must)
a. The simplest way to test for balance is to use your experimental condition

indicator to predict each demographic factor as a DV
I. t-tests are most common
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Should you include (or present) balance tests ?

1. Should you test for balance from your experiment? Should you report overall
tests for balance? Should you use control variables to try to fix this?
a. There are convincing arguments that you should not
I. E.g. seeMutz and Pemantle
b.In my opinion, the considerations we discussed about control variables last
week are more important to consider than what a balance test inditas

2. 1f you do need to provide a test of balance (e.g. because an Editor demands it), |
would recommend an overall test for balance rather than individuals tests for
each factor

3. If you have to drop a considerable amount of your sample, e.g. because dééhi
manipulation checks, you may want to test for balance to ensure that failing the
manipulation check is not systematic based on background characteristics of
your Ps (e.g. those with less educational attainment were more likely to fail the
manipulation check in certain conditions but not others)

Survey Experiments Pagel29


http://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.641.1&rep=rep1&type=pdf

Effects of Experimental Manipulations

1. Experimental manipulations might have no effect, a main effect, or their effect
might depend on the level of another variable (an interactin effect)

2. Main effects are aroverall effect of a manipulatior—which does not vary across
levels of another experimental manipulation

3. Moderated/interaction effects are a contingent effect of an experimental
manipulation: the effect depends on the level of another experimental
manipulation

a. Factorial designs are often used to test for the possibility of interaction
effects. E.g.
I. The Motherhood Penalty: 2 X 2
2 (Man, Woman) X 2 (No Children, Parent)

4. The following slides showhypotheticalfindings based on whether main effects or
interaction effects are true (the data is simulated)

Survey Experiments Pagel30



Graphing experimental results in Stata with  cibar

Code for plot of means across conditions (with SE bars)
*NOTE: The level(68) specifies the 68% confidence level which%& SE

cibar mainpar_comm, overl(parent) over2(woman) level(68)

cibar mainpar_comm, overl (parent) over2(woman) level(68) bargap(5) /I
graph(ylab(50(10)100) //
title("Example Main Effect: Parenthood Penalty") ///
subtitle("NOTE: Simulated data") ytitle("Perceived Commitment"))

Code for regression model to test interaction:

reg mainpar_comm i.woman##i.parent
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Example Main Effect: Parenthood Penalty
NOTE: Simulated data

100 -
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Testing for main effects

1. Main effects are simply the effect of a condition IV on the DV
a. E.g. Aregression coefficient or marginal effect can summarize these

(1) (2) 3)

Commitment Commitment Commitment

Woman 2.45 1.76

(1.42) (1.77)
Parent - 9.66*** - 10.35***

(1.26) (1.77)
Woman # Parent 1.39
(2.50)

Constant 70.78*** 76.83*** 75.96***

(1.01) (0.89) (1.25)
Observations 200 200 200

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001
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Example Main Effect: Women Disadvantaged
NOTE: Simulated data
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Testing for main effects

Example Main Effect: Women Disadvantaged
(1) (2) (3)
Commitment Commitment Commitment
Woman - 10.46*** - 9.56***
(1.31) (1.86)
Parent -0.33 0.57
(1.51) (1.86)
Woman # Parent -1.80
(2.63)
Constant 75.46%** 70.40%** 75.18***

(0.93) (1.06) (1.31)

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001

Example interpretation: The results from model 1 suggest that women applicants
are rated about 10.5 points lower in comnmtent than are men applicants (p <

0.001).
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Example of Two Main Effects: Parenthood Penalty & Women Disadvantaged
NOTE: Simulated data
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Testing for main effects

Example of Two Main Effects: Parenthood Penalty & Women Disadvantaged

(1) @  ©
Commitment Commitment Commitment

Woman - 9.00*** - 8.14***
(1.48) (1.85)
Parent - 0.92**x - Q. 07***
(1.45) (1.85)
Woman # Parent -1.71
(2.62)
Constant 75.65%** 76.11%** 80.18***
(1.05) (1.03) (1.31)
Observations 200 200 200

Standard errors in parentheses
* p<0.05, ** p<0.0 1, *** p<0.001
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Example Interaction (Moderated) Effect: Motherhood Penalty
NOTE: Simulated data - based on findings of Correll, Benard, and Paik (2007)
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Testing for interaction effects

1. In linear regression (but only in linear regression!), the coefficient on the product
term provides the test of interaction
a. E.g. Here, that the effect of parenthoodepends onwhether the job applicant
IS a man or a woman

Example Interaction (Moderated) Effect: Motherhood Penalty

(1) (2) 3)

Commitment Commitment Commitment
Woman - 0.37 7.33%**
(1.32) (1.68)
Parent -2.87* 4.83**
(1.30) (1.68)
Woman # Parent _ 15.38%**
(2.37)
Constant 77.25%** 78.50*** 74 847

(0.93) (0.92) (1.19)

Observations 200 200 200

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001
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Relationship between heterogeneous treatment effects
and cultural consensus

1. The effect of the experimental manipulation (treatment effect) might operate
similarly across social locations of your participants, or the treatment effect
might vary depending on a Ps social location (heterogeneous treatment effect)

2. Cultural consensus indecates that all participants rating within single
experimental conditionsare similar

a. You can have cultural consensus across all conditions, or for some condition:
(e.g. father applicants) but not others (e.g. childless women)

3. If there is cultural consensis across all conditions there cannot be a
heterogeneous treatment effect

a. If everyone rated each experimental condition the same, the effeatross
conditions cannot vary

4. A lack of cultural consensusloes notnecessarily indicate a heterogeneous
treatment effect
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Main effects vs heterogeneous treatment effects

1. A very common mistake is to confuse main effect of social location (e.g. a
demographic characteristics of your Ps) with dneterogeneous treatment effect

2. Amain effect suggests differences in judgments/answers in your experiment
regardless of the experimental condition
a.E.g.InMi ze and MaASksgudy ofssexdalityjjuBigments, religious
Ps were less likely to labeany of the vignette characters as gay or bisexual
. That i s, it didn’t matter what e
to —across the board, religiosity influenced judgments in one direction
b. Note that main effects of social location are already accounted for due to
random assignment
I. This is the point of doing an experiment!
1. But remember that controlling for factors that have independent
main effects can still explain variation, helping isolate the effectf
your experimental manipulation
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Example of No Heterogeneous Treatment Effect: Motherhood Penalty Similar Across Age of P
NOTE: Simulated data
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Testing cultural consensus

1. See the Week 11 notes for details on these tests
a. Below, we test whether ratings of the mother applicant are similar for
younger and older applicants @gecat is a binary variable: < 50 years old;
51+ years old)

. *Test whether rating of mothers differs based on age category

. reg nohet_commit i.agecat if woman == 1 & parent ==
Source | SS df MS  Number of obs = 50
------------- o F(1, 48) = 047
Model | 11.7876587 1 11.7876587 Prob>F = 0.4941
Residual | 119 1.62864 48 24.8255966 R - squared = 0.0098
------------- o Adj R -squared = - 0.0108

Total | 1203.4163 49 24.5595163 Root MSE 4.9825

nohet commit| Coef. Std. Err. t P>|t| [95% Conf. Interval]

agecat |
Older P >51 | -0.971  1.409 -0.689 0.494 - 3.805 1.862
_cons| 68.859 0.997 69.100 0.000 66.855  70.862
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Example Heterogeneous Treatment Effect: Motherhood Penalty Varies Based on Age of P
NOTE: Simulated data
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Testing cultural consensus

. *Test whether rating of mothers differs based on age category
. reg het_commit i.agecat if woman == 1 & parent ==
Source | SS df MS  Number of obs = 50

------------- o F(1, 48) = 17.33

Model | 595.045459 1 595.045459 Prob>F = 0.0001

Residual | 1648.53342 48 34.3444462 R - squared = 0.2652

------------- Fommmm e AdjR -squared = 0.2499

Total | 2243.57888 49 45.787324 Root MSE = 5.8604

het commit| Coef. Std. Err. t P>|t] [95% Conf. Interval]

agecat |
Older P >51 | -6.900 1.658 -4.162 0.000 -10.232 - 3.567
_cons| 77902 1.172 66.465 0.000 75.545  80.259
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Main Effect of Age (No Cultural Consensus) - No Heterogeneous Treatment Effect
NOTE: Simulated data
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Testing cultural consensus

. *Test whether rating of mothers differs based on age category

. reg mainage _commit i.agecat if woman == 1 & parent ==
Source | SS df MS  Number of obs = 50
------------- o F(1, 48) = 47.04
Model | 1351.4611 1 1351.4611 Prob>F = 0.0000
Residual | 137 8.94719 48 28.7280664 R - squared = 0.4950
------------- oo AdjR -squared = 0.4844
Total | 2730.40829 49 55.7226181 Root MSE = 5.3599

mainage _co~t| Coef. Std.Err. t P>t [95% Conf. Interval]

agecat |
Older P >51 | -10.398 1.516 -6.859 0.000 - 13.446 - 7.350
_cons| 73976 1.072 69.009 0.000 71.820 76.131
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Resources for Implementing Your Study

Links to Helpful Resources

1. Qualtrics
a. Randomize blockquseful for between-subjects designs)
b. Loop and merge(use for within subjects)

2. Amazon Mechanical Turk (mTurk)
aHow to avoi d A(apay20%snstdad)?% f e e
b. Use thefree qualifications
I. % jobs acepted
ii. Set the location (e.g. 13)
c. A list of premium qualifications and their cost
d. An excellentPew report on the mTurk population
e. Shank (2016)on using mTurk for social science studies
f. Example codédor a survey page on mTurk
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https://www.qualtrics.com/support/survey-platform/survey-module/survey-flow/standard-elements/randomizer/
https://www.qualtrics.com/support/survey-platform/survey-module/block-options/loop-and-merge/
https://docs.google.com/presentation/d/1Y_lvecsOefCfkXkkrdFtW1GH-NkoZidKzKXqFVJaLH4/edit#slide=id.ga4353898b_1_0
https://blog.mturk.com/tutorial-understanding-requirements-and-qualifications-99a26069fba2
https://requester.mturk.com/pricing
http://www.pewinternet.org/2016/07/11/research-in-the-crowdsourcing-age-a-case-study/
https://link.springer.com/article/10.1007/s12108-015-9266-9
https://drive.google.com/file/d/0B_5qizYl1catYkp6LTJRdWlWOHM/view

Random Assignment in Qualtrics

1. In Qualtrics, separate parts of a survey instrument are called blocks
b.l n this exampl e, | "ve create a sep

Factorial Experiment Example

Condition 1

Add Block
Condition 2

Add Block
Condition 3

Add Block
Condition 4

Add Block
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Randomization in Qualtrics

2.In the SurveyFlow on Qualtrics | have added a randomizer and listed each
experimental condition block as a possibility under the randomizer
a. For a betweensubjects design, set the number circled in red below to 1 so
that each participant views only 1 condition
b. For within subjects conditions, you can specify that multiple blocks be
presented
I. In this example, each P will view 4lifferent conditions

z o]
Survey Flow ractorial Experiment Example oom =

e
ndomizer
Randomly present @ | 4 |§) of the following elemen Evenly Present Elements

Add Below Move Duplicate Collapse Delete

\

ow Block: Condition 1 (1 Question
aa ) AddBelow Move Duplicate Delete

L’ n Show Block: Condition 2 (1 Question) AddBelow Move Duplicate Delete

L’ n Show Block: Condition 3 (1 Question) AddBelow Move Duplicate Delete

L’ n Show Block: Condition 4 (1 Question) AddBelow Move Duplicate Delete

L’ u Show Block: Condition 5 (1 Question) AddBelow Move Duplicate Delete

L’ u Show Block: Condition 6 (1 Question) AddBelow Move Duplicate Delete

L’ I3 show Block: Condition 7 (i Question)

AAA DAla. [V PR Pemlinata Palada
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Note on Randomization in Qualtrics

3. The example above shows the most straightforward way to randomize in
Qualtrics (with conditions as separate blocks)
a. However, this is inefficient because you (1) need to create separate blocks
for each condition, and (2) the data is recorded in wide format with tons of
empty cells for conditions Ps did not rate

4. If the conditions are smilar enough to where something small changes across
them (e.g. the first name in a vignette),oop & Mergeis a more elegant solution
a. Condition specific manipulations (e.g. the name) can be inserted withiped

text and embedded data

5. You should useembedded datafields whenever possible to keep track of
conditions
a. This will add the, for example, acondition # identifier to the data for you
b.You canalso embed data for order of presentation for withiasubjects
designs(e.g. which conditions each P viewed and in which order)
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https://www.qualtrics.com/support/survey-platform/survey-module/block-options/loop-and-merge/
https://www.qualtrics.com/support/survey-platform/survey-module/editing-questions/piped-text/piped-text-overview/
https://www.qualtrics.com/support/survey-platform/survey-module/editing-questions/piped-text/piped-text-overview/
https://www.qualtrics.com/support/survey-platform/survey-module/survey-flow/standard-elements/embedded-data/

Fielding Studies on Amazon Mechanical Turk (mTurk)

amazonmechanical turk

Home Create

New Project

Start a New Project

P a7
Lategorization

Data Collection

Moderation of an Image
Sentiment

Survey

Tagging of an Image
Transcription from A/V
Transcription from an Image
Writing

Other

Survey Experiments

REQUESTER

Developer Help

New Batch with an Existing Project

Example of Categorization

Create HITs individually

Choose the best category for this image

~kitchen
living

~ bath
bed

View Instructions

Select the room location in home for this
picture. Seating areas outside are outside
not living. Offices or dens are living not
bedrooms. Bedrooms should contain a
bed in the picture.
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Edit Project

Specify the properties that are common for all of the tasks created using this project.

. Enter Properties ® Design Layout @ Preview and Finish

Project Name: ‘ MSC1: Methods ‘ This name is not displayed to Workers.
Title

| Views of Different Groups |

Des=cribe the tazk to Workers. Be as specific as possible, e.g. "answer a survey about movies”, instead of "short survey”, so0 Workers know what to expect.

Description _ ) ) )
| Answer a short survey about how different groups are viewed. Not mobile-friendly; must be taken «

Give more detail about this task. This gives Workers a bit more information before they decide to view your task.

Keywords )
| survey, demographics

Provide keywords that will help Workers search for your tasks.
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Reward per assignment | ?T |

This is how much a Worker will be paid for complefing an assignment. Consider how long it will take a Worker to complete each assignment.

MNumber of assignments per task | 9 |

How many unique Workers do you want to work on each task?

Time allotted per assignment | 1 | | Days v |

Maximum fime a Worker has to work on a single task. Be generous so that Workers are not rushed.

Task expires in | 2 || Days v |

Maximum fime your task will be available to Workers on Mechanical Turk.

Auto-approve and pay Workers in | 1 | | Days v |

This is the amount of fime you have to reject a Worker's assignment after they submit the assignment.

*NOTE: Do nfoliow thecsteps eutlinet feereto avoid the 40% fee
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https://docs.google.com/presentation/d/1Y_lvecsOefCfkXkkrdFtW1GH-NkoZidKzKXqFVJaLH4/present?ueb=true&slide=id.p

Require that Workers be Masters to do your tasks (Who are Mechanical Turk Masters?)

) Yes ® MNo

Specify any additional qualifications Workers must meet to work on your tasks:

| HIT Approval Rate (%) for all Requesters' HITs  r | ‘ greater than v H 85 v | Remove

' Location v s v | UNITED STATES (US) * | Remove

{#) Add another criterion E{TRORS LI

(Premium Qualifications incur additional fees, see Pricing Details to learn more)

Project contains adult content (Sze details)

[l This project may contain potentially explicit or offensive content, for example, nudity.

Task Visibility (What is task visibility?)

O Public - All Workers can see and preview my tasks
© Private - All Workers can see my tasks, but only Warkers that meet all Qualification requirements can preview my tasks

® Hidden - Only Workers that meet my Qualification requirements can see and preview my tasks

*NOTE: Use the free Location qualification to specify what country (or U.Sate)
participants live in
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2 Design Layout

1 <script src="//uniqueturker.myleott.com/1lib.js" type="text/javascript"></script><script type="text/javascript">

2~ (function(){

3 var ut_id = "8a98b4904e9514c@5blbedfadfed9eb37";

4~ if (UTWorkerLimitReached(ut_id)) {

5 document.getElementById( 'mturk form').style.display = 'none’;

6 document.getElementsByTaghame( "body ') [0].innerHTML = "You have already completed the maximum number of HITs allowed
7 }

8 10O;

9 </script>

18 <hl»<span style="font-family:arial,helvetica,sans-serif;"><strong style="line-height: 1.2em;">Sample Survey</strong»</span>
12 <h3»<span style="font-family:arial,helvetica,sans-serif;"»<strong>For this assignment, you will be asked to respond to ques
14 <p><span style="font-family:arial,helvetica,sans-serif;"><span style="line-height: 1.6em;">Thank you for agreeing to partic

16 <h3»<span style="font-family:arial,helvetica,sans-serif;"><strong>To complete the task, please follow these steps</strong>:

17

18- <ol>

19~ <li><span style="font-family:arial,helvetica,sans-serif;">If you have never participated in this HIT before, you may co
20

21 <div id="myelementlLink" style="display: inline;"><span style="font-family:arial,helvetica,sans-serif;"><tt>URL not show
22 <span style="font-family:arial,helvetica,sans-serif;"> </span><script type="text/javascript"” language="JavaScript"»><!--

23 wvar assignment_id field = document.getElementById( 'myelementlLink');
24 wvar paramstr = window.location.search.substring(1);

25 var parampairs = paramstr.split("&");

26 var mturkworkerID = "";

*NOTE: You don’t have to write this yo
link code and tweak it or use thisexample codd use forall of my surveys (provided
by Bianca Manago)

Always make sure to change the details of the survey (e.g. time to completion;
payment; etc.) in the code
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https://drive.google.com/file/d/0B_5qizYl1catYkp6LTJRdWlWOHM/view

Views of Different Groups

Requester: Purdue Social Research Lab Reward: $2.50 per task Tasks available: 0

Sample Survey

For this assignment, you will be asked to respond to questions regarding American's views of different groups.

Thank you for agreeing to participate in our research. Before you begin, please note that the data you provide may be collected and used by Amazon as per its privac
is for residents of the United States over the age of 18; if you are not a resident of the United States and/or under the age of 18, please do not complete this survey. T
take the survey on a computer.

To complete the task, please follow these steps:
1. If you have never participated in this HIT before, you may complete it by following this link: The 1ink will appear here only if you accept this HIT.

2. Complete the 10 to 15 minute survey in its entirety.
3. Enter the survey code you receive at the end of the survey in the box below and click "Submit."

Please read the following notes on rewards:

. You may only complete this study ONCE. Completing multiple assignments will NOT result in multiple rewards.

. If you have already completed an earlier version of this study, you will be screened out when attempting to complete this current study.

. If you believe you were erroneously screened from this study, please return the HIT and contact us so that we may diagnose the issue. If you were screened, yo
correct completion code.

[ S

Enter your survey code here:

*NOTE: This is what the code on the prior page produces
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Paying your mTurk workers

Results Workers Qualification Types Manage HITs individually

Manage Batches

Click on the name of the batch to see more details

¥ Batches in progress (1)

Created: April 15, 2016 Assignments Completed: 82790
Time Elapsed: 37 minutes Estimated Completion Time: April 15, 2016 8:20 PM PDT (TODAY)
Average Time per Asslgnment: 12 minutes 13 seconds Effective Hourly Rate: $9.823

FIRGEa: 91% submittosd 100% publishod
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For additional batch information, view batch details.

GMR 79

| Customize View || Filter Results | | Upload CSV || Download CSV |

assignments APPLIED: only show assignments that are in "Submitted’ status)

| Approve | | Reject |

HITID A Worker ID Lifetime Approval Rate Input.Filler "Item Name"/
-1 307LSTDWJYYYCM2NB8R416DMWZP3N3H AABOSDD3QVMGE 100% (1/1) 0 G385246R
- 307LSTDWJYYYCM2N8R416DMWZP3N3H ATWSUBHGEZPI1VO 0% (0/0) 0 G385844R
307L9TDWJYYYCM2N8R416DMWZP3N3H A1LPGEEJBZ5NNR 0% (0/0) 0 G372370R
307LSTDWJYYYCM2N8R416DMWZP3N3H A2ZEBBMTUMPC8G 0% (0/0) 0 G379715R
307LSTOWJYYYCM2N8R416DMWZP3N3H A12FCLCVIM2CL3 100% (3/3) 0 G364157R
307L9TDWJYYYCM2N8R416DMWZP3N3H A255RBABPOKOXV 100% (2/2) 0 G363802R
307LSTDWJYYYCM2NBR416DMWZP3N3H A3VO76DH1LSQLI 100% (1/1) 0 G315704R
—) | 307LSTDWJYYYCM2N8R416DMWZP3N3H ATYDAYF942XA4G 100% (1/1) 0 G373010R
~1 | 307L9TDWJYYYCM2N8R416DMWZP3N3H A33CFLCMJNHHNC 100% (1/1) 0 G346879R
- 33CLASOOMIHE7WABLTMKG6G33CXFR6 A1CFPKUOCGJIM6 100% (1/1) 0 G375021R
—1 | 33CLASBOOMIHE7WABLTMKG6G33CXFR6 AUB49EHZNGV2Z 100% (3/3) 0 G349005R
—1 | 33CLASBOOMIHE7TWASBLTMKG6G33CXFR6 ACY3ZO0ZMVS7Y 0% (0/0) 0 G372577R

NOTE:If you use a completion code it will show up here (so you can only approve
assignments for participants who really took the survey)
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Recommended Readings
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1 An extremelyclear overview of survey experimental methods. Focused on
nationally representative surveys (and TESS particularly).
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Useful References on More Specific Topics
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Experimental Political Scienc&€ambridge U Press.

1 Includes overviews of lab, survey, and field experiments. Focused on political
science research but relevant for any field.

Auspurg, Katrin and Thomas Hinz. 2019-actorial Survey Experimentsage.
1 Focused solely on surveypased factorial experiments (mainly vignettes). Includes
technical/mathematical details/
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and NuanceSpringer.

1 Overview of the practical ethical, and technological issues surrounding audit
studies.
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